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Abstract

The ability to automatically determine
the road type from sensor data is of
great significance for automatic anno-
tation of routes and autonomous navi-
gation of robots and vehicles. In this
paper, we present a novel algorithm
for content-based road type classifi-
cation from images. The proposed
method learns discriminative features
from training data in an unsupervised
manner. Experiments performed on a
comprehensive real-world road image
dataset show the advantages of our
approach.
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Road image dataset

Google Street View sample images from the paved (a) and unpaved (b) road classes.
Examples of extracted sub-images, from each class respectively, are shown in (c) and (d).
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Baseline 74.23%

Engineered Features 84.25%
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